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SOCIOECONOMIC INFLUENCES ON THE HEALTH OF OLDER CANADIANS: ESTIMATES BASED ON TWO LONGITUDINAL SURVEYS
INTRODUCTION
Much research has demonstrated that there is a strong positive relationship between socioeconomic status (SES) and health status. In the words of Fogel and Lee (2003, p.1) , "individuals from different socioeconomic backgrounds face distressingly different prospects of living a healthy life". Understanding that relationship, and identifying the causality behind it, is difficult: Are people in poor health because they have low SES, or do they have low SES because of their poor health 1 ? In the language of econometrics, is income an endogenous variable in a health determination equation and/or health an endogenous variable in an income determination equation? Establishing the direction of influence in this case is of research interest, but also of practical importance in the design of effective policies to improve population health.
In earlier work we proposed a framework of analysis for identifying the influences of income and education on health while working with Canadian panel data in the context of the older population . We adopt that framework here, and extend our work by analysing a second Canadian panel data set and comparing the results with those based on the first. Our concern continues to be with the socioeconomic determinants of health among the 2 older population, in particular the effects of income and education. We ask whether the chances that older individuals would remain in good health were improved by having higher incomes and better education. As in our earlier work we focus on the population aged 50 and older 2 , where we anticipate SES would generally have a greater potential impact on health 3 .
There is a large international literature concerned with the income-health connection, dating back at least to the 1967 Whitehall Study (Marmot, Rose, Shipley and Hamilton, 1978) .
This and subsequent contributions to the literature are ably reviewed by Smith (1999), Benzeval and Judge (2001) , Evans (2002) , and Deaton (2002 Deaton ( , 2003 4
. Smith (1999) , among others, emphasises the difficulty of assessing the direction of causation and cautiously notes, in his concluding remarks (p. 165), that "... economic resources also appear to impact health outcomes ... [and] innovative methods that help isolate economic and health shocks would be informative on this vexing issue of causality".
The Canadian literature on this topic that involves quantitative analysis is quite limited, reflecting the absence of suitable data, at least until recently. One study, that of Badley, Wang, Cott and Gignac (2000) , used two years of longitudinal data (1994 and 1996) from the National Population Health Survey for the purpose of assessing the relationship between self-reported health, on the one hand, and chronic health conditions and other factors, on the other. While respondent income was not of central interest in that study, a variable indicating whether income was 'low' or 'not low' was included in the analysis, and 'low' income in 1994 appeared to have a statistically significant and negative association with self-reported health in 1996. However, the issue of the direction of causality was not addressed. So far as we are aware, that study and our own studies (Buckley et al., , 2004b . In our previous work we relied entirely on SLID; we now consider NPHS as well, and compare the results. The comparison is of particular interest since the data sets have different strengths and have tended to be used by different sets of researchers. SLID was designed to provide good information about income and asked a health question only 'in passing' while the reverse was true of NPHS. The SLID question about health was age-conditioned (compare your health to others of a similar age) while the NPHS question was not. Our view was that if our earlier results could be replicated with NPHS data it would make the conclusions stronger as a basis for policy consideration and would give researchers a greater degree of confidence in using either data set. In fact, it turns out that the two data sets do provide similar estimates of the effects of income and education on health. We find evidence in both surveys of what appears to be a causal link between SES and changes in health status: the higher one's SES the better the chances of remaining in good health. That results based on the two surveys are similar is encouraging for anyone studying the SES/health connection, whether with Canadian data or data for other countries. Not surprisingly, though, while there is strong evidence that SES has a quantitatively important effect, differences in SES account for only a small fraction of overall differences in the probabilities of remaining healthy: most of the differences are left to be explained by genetic and other risk factors. (See 4 section 6 for some further discussion of risk factors.)
COMPARISON OF THE TWO SURVEYS
Longitudinal surveys are designed to follow the same individuals through time. By comparing responses from one survey to the next one can learn how the circumstances of individual respondents changed, and try to gain an understanding of why. The names of the two surveys used here are suggestive of the matters with which they are most concerned. A major characteristic of NPHS is that it collects a large amount of information about specific health conditions, treatments sought and used, health care professionals seen, and so on, but only basic information about income. SLID, on the other hand, asks only a little about health but a great deal about income and labour force characteristics. However, for our purposes a key feature is that both asked a similar general health question in each of several years, thus allowing us to observe changes in reported categories of health status from one survey to another. Beyond that, both surveys asked generally similar questions relating to education and total household income, our two indicators of SES.
SLID provides a much larger sample than NPHS, and that was a major consideration for us in choosing to work with it initially. The earliest SLID survey was conducted in 1993, though health questions were not added until 1996. Those interviewed in 1993 formed the first panel, and they were followed year by year for six years. In 1996, year four for the first panel, a second panel was interviewed, effectively doubling the sample size, and it too was followed for six years. Hence for the three-year period 1996-98 7 , for a rather large sample, we have information on two health transitions -1996 to 1997 and 1997 to 1998 . Another virtue of SLID is the quality 5 of the information on income that it provides. Seventy-one percent of those in our extract from the SLID sample agreed to have Statistics Canada access the electronic administrative records of their personal tax returns, rather than responding at the time of the survey interview to a detailed set of questions relating to income. Even for those not granting access to income tax records, the facts that the interviews were conducted when people typically had recently prepared their income tax returns, that the questions were related to the tax forms, and that they dealt with the components of income (not just total income), likely enhanced the reliability of the totals.
NPHS was first conducted in 1994 with both cross-sectional and longitudinal components. In the longitudinal component, which is the basis of our work here, the same individuals have been contacted ever since (insofar as possible), at approximately two-year intervals. At the time that we carried out our analysis, data were available for survey years 1996, 1998, and 2000, as well as 1994 . In what follows we ignore data from the 1994 survey and focus attention on the other three years in order to match the period of data availability from SLID.
This means that for each survey we are able to consider two health transitions, though in the case of NPHS they are two-year transitions while for SLID they are single-year transitions. The income information in NPHS results from a single question asking respondents in which of 11 categories their total household income falls. The definition of income is unspecified, leaving the respondent to interpret what 'total household income' means. By contrast, in SLID the definition is related to income tax returns filed by household members. In consequence, one would expect the SLID income information to be of better quality.
Sample attrition is often a problem in longitudinal surveys. However, the attrition rates have been quite low in these two: only 6.3 percent of respondents to the 1996 NPHS survey and 6 0.8 percent of respondents to the 1996 SLID survey were unaccounted for in the corresponding 1998 surveys. In fact, not all responses are literally 'self-reported', since some reporting is by other household members -'proxy reporting', as it is called. There was relatively little proxy reporting in the longitudinal panel of the NPHS, and that was by design: it was thought that the large number of specific health-related questions asked in that survey would need to be answered by the person to whom the information pertained. As shown in Table 1 , only 1.3 percent of the NPHS responses relating to overall health status in 1996 were by proxy. That proportion rises somewhat in later years for the original 1996 respondents, reflecting perhaps the increased proportion of individuals unable to respond for themselves as they grew older. In contrast, more than one-third of all the 1996 responses in SLID were by proxy. We observe too that proxy reporting was much more prevalent among men than among women, no doubt reflecting differences in who was at home and willing to answer the questions when the survey was 7 conducted. Proxy reporting raises some potential concerns about the validity of the responses, but in our earlier work with SLID data we were able to conclude that it makes little difference to the proportions in different health states (Buckley et al., , p. 1018 .
How useful are self-reported measures of health? Certainly they are widely used in studies of this kind (for example, Benzeval and Judge, 2001, Bound, 1991) . It has been found that they appear to be good predictors of subsequent health care utilization and mortality. (See, for example, McCallum et al., 1994 , Idler and Benyamini, 1997 , Bierman et al., 1999 , and Badley et al., 2000 Badley et al. provide extensive references.) This is true even though there is much inaccuracy in the self-reporting of specific health conditions (Baker et al., Deri, 2004 , Raina et al., 2002 .
HOW HEALTH VARIES WITH SOCIOECONOMIC STATUS
We turn now to some basic tabulations showing how the distribution across health states varies with income, education and age. Results are shown for persons aged 50 or older in 1996. Cunningham et al., (1997) .
Turning to the health categories in each column adds to 100 percent). Of all those in excellent or good health, the evidence from both surveys suggests that about a third are in the highest income quartile; of those in fair or poor health, more than a third are in the lowest quartile. As before, the results from the two surveys are quite similar.
Tables 4, 5 and 6 show how the distribution of health states varies from one survey year to the next for those interviewed in 1996, and then again one and two years later, in 1997 and 1998 in the case of SLID, or two and four years later, in 1998 and 2000 in the case of NPHS. Table 4 shows the distribution within income groups, where the groups are defined as 'below median' (first and second quartiles) and 'above median' (third and fourth), as well as for all income levels combined. Table 5 shows the distribution within education groups, defined as 9 'low' (less than postsecondary) and 'high' (postsecondary), as well as for all education levels combined. Finally, Table 6 shows the distribution within age groups for 'old' (70 and older) and 'young' (50-69) respondents, as well as for all ages combined. A column labelled I/D has been added to allow for those who became institutionalized 9 or died 10 after the 1996 survey. (All respondents in our sample were 'in the community' and, of course, alive in 1996.)
We observe in every year, and in both surveys, that the proportions in the better health states are about 50 percent greater for those above the median income than for those below (Table 4) , for those with "high" education than for those with "low" education (Table 5) , and for those who are "young" than for those who are "old" (Table 6 ). Consistent with that, the proportions in worse health are considerably lower. As expected, the proportions in better health generally decline, the longer are people in the survey, while those in worse health increase. Thus, for example, the proportion of males in better health decreases by 3.5 percentage points over two years (from 50.2 to 46.7 percent), according to SLID, and by 6.6 percentage points over four years (from 48.9 to 42.3 percent), according to NPHS.
Of some interest are the proportions that move into what may be regarded as the worst health group -the proportion of those living 'in the community' at the time of the first interview who, after one, two, or four years, have moved into an institution or died. In all cases these proportions are much higher for the low income and low education groups than for the corresponding high groups.
The tabulations are all suggestive of a relationship between health and SES but multivariate analysis is required to establish the direction of causation between income and health, and to disentangle the separate effects of education and income.
ANALYTICAL FRAMEWORK
We restrict analysis to those aged 50 and older in 1996 who were in what we define henceforth as good health -those reported in the surveys to be in 'good', 'very good', or 'excellent' health -and thus dropping from the sample those who in 1996 were in poor health -'poor' or 'fair', in the surveys 11, 12 . The purpose of this restriction is to eliminate from further analysis those whose history of poor health might have affected their income position in 1996
13
.
We then focus attention on the probability of still being in good health one, two, and four years later, and ask whether that probability is affected by socioeconomic factors, in particular income and education (as well as age, of course).
To the extent that command over resources has an effect on one's health, we would expect that household wealth or some measure of lifetime income would be more appropriate than current income. However, only current income is available from the two surveys, so we must make do with that. Our approach is to standardize or 'age-correct' income to obtain a rough estimate of what it would have been when a survey respondent was aged 50-54. This correction is intended to adjust for declines in income at older ages, and to compensate for the absence of wealth or lifetime income data. We express the 1996 household income for each respondent as a ratio to the household's LICO value, as in the earlier tables. The natural logarithm of the ratio is Tables A1 and A2 .) Income is then standardized to the age group 50-54 by subtracting the age coefficient corresponding to the individual's age in 1996 14 .
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The income variable thus standardized is 'quartiled', and it is this quartiled variable that we use in our health regression models 15 .
The model we use to assess the health effects of income and other variables focuses on the maintenance or loss of good health by individuals reported to be in good health in year 0, the initial year for which we have health data. Letting H denote health state, G good health, and P poor health, we model the probability of transition from H = G to H = G and (by subtraction from 1) the probability of transition from H = G to H = P. The model, in general form, is
where H it is the health status of individual i in year t, R i is the (age-adjusted) income quartile of the individual, E i is the education category, A i0 is age group in the initial year, and 0 i is an individual-specific error term representing all effects on health transitions not captured elsewhere in the model. This leads naturally to a probit or logit formulation. The choice is arbitrary, as the two formulations are known generally to be almost indistinguishable in the probability estimates that they generate. We have chosen probit.
ESTIMATION RESULTS
Probit regression equations are displayed in (1996 ( and 1998 1996 , 1998 ; the lower panel is based on only one transition, using the two years that are common to both surveys, 1996 and 1998. categories.
The columns labelled )P show differential probabilities calculated from the estimated probit equations. For example, the 0.0303 reported in the quartile 2 row (the first numerical entry in Table 7) indicates that an individual in the second income quartile is approximately 3 percent more likely to remain in good health than one in the lowest quartile (the omitted category). The corresponding p-value, which is based on the bootstrap version of an asymptotic two-tailed ttest, is interpreted as the probability of getting the estimated coefficient value if the null hypothesis of zero effect were true, and thus is an indicator of statistical significance. The pvalue for all income groups combined, which is based on the bootstrap version of a Wald test, is interpreted similarly, relative to the null hypothesis of zero effects for all variables in the group.
An important point to note in Table 7 is that relatively little of the variance in the dependent variable -at most about 12 percent -is accounted for by the estimated equations;
much is left unexplained, as one would expect. The probability that one's health status will remain good or worsen is influenced much more by factors that are unobservable (at least in these surveys) and individual heterogeneity than by age and our two indicators of SES. Even so, the Wald tests suggest that both age and the SES indicators generally have significant explanatory power. In the case of SLID, all p-values are less than 1 percent while for NPHS, with its smaller sample sizes, only the education effect for females fails to indicate strong statistical significance.
The estimated age effects exhibit a generally steady progression from the youngest group (50-54) to the oldest (85+) for both men and women, which is consistent with the (obvious) expectation that, other things equal, people are less likely to remain in good health as they age.
The effects of age alone are (not surprisingly) large. For example, the estimate based on SLID suggests that (after taking account of income and education), a male aged 75-79 is about 23 percent less likely to remain in good health for the next two years than one aged 50-54, and the estimate based on NPHS suggests a difference of 41 percent in that probability, calculated over four years. The corresponding values are 20 and 26 percent for women.
The estimates provide evidence that income matters. The estimates based on SLID yield a probability of remaining in good health over the next two years for someone in the highest quartile that is 8 percent greater in the case of males and 7 percent in the case of females than the probability for someone in the lowest quartile. The estimates based on NPHS suggest that those probabilities are approximately doubled when the period is four years rather than two.
It appears that education matters also, although the evidence is somewhat more difficult The probabilities decline with age, as expected, are similar for males and females, and are considerably higher for those in the highest SES group than for those in the lowest one. Wald tests confirm that the differences are strongly statistically significant 17 . It is somewhat surprising that the probabilities of remaining in good health are not notably lower when they relate to four years (based on NPHS) than when they relate to two (based on SLID). That may simply reflect differences between the two surveys, in particular, how and where the questions are asked in the survey (see Crossley and Kennedy, 2003) 18 .
A direct comparison of male-female probabilities is provided by the graphs in Figure 2 .
The most striking feature of this figure is the similarity of the age profiles for the two sexes.
While the male probabilities are generally lower, whether for high or low SES, the differences are small for most age groups, and not statistically significant
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The results reported so far are based on two survey-to-survey transitions, those for SLID being derived from surveys conducted over three years and those for NPHS from surveys conducted over five. A further comparison based only on the 1996 and 1998 survey years (the two years common to SLID and NPHS) is informative. The lower panel of Table 7 provides estimates that relate to the probability of reporting good health in 1998, conditional on having done so also in 1996. If the estimates in the lower panel were based on precisely the same individuals as those in the upper panel it is evident that a smaller proportion would make the transition to poor health. That is because the health information from one survey year is ignored in this case 20 . However, some additional observations now become available -namely those for which health information was missing for the year dropped -and those observations could potentially have affected the proportion in either direction, although in practice it seems unlikely that there was any appreciable effect 21 .
The change in the scope of the dependent variable reduces somewhat the magnitudes of the estimated effects based on SLID but has no impact on the directions of effect. It has rather more effect on the NPHS results, reducing the p-values for both the income and education variables. Again, though, the directions of effect are unaltered. Figure 3 depicts the results in the same way as Figure 1 , and Figure 4 in the same way as Figure 2 , but for two-year transitions in both cases. While the estimated effects are less well determined, the implied age patterns based on NPHS are generally similar to those based on SLID, as before. Two other points to note are
(1) that the implied probabilities of remaining in good health based on only one transition are somewhat higher than those based on two, suggesting some recovery among those who experienced poor health in the now-omitted middle year, and (2) that the implied probabilities are notably higher when based on a two-year transition using NPHS survey data rather than a four-year transition, as one would expect. . For example, when we added the risk factors the estimated probability associated with being in the top income quartile rather than the lowest increased from 0.1609 to 0.1906 for males and decreased from 0.1386 to 0.1356 for females.
Concern was expressed also about the definition of 'good health'. Recall that we combined the three highest categories (excellent, very good and good) into one. However, we recognize that the jump from 'excellent' to 'poor' health might be quite different from the jump from, say, 'good' or 'very good' to 'poor'. Ideally we would analyze each transition separately, but the sample sizes are too small to yield reliable estimates. Our approach instead is to add dummy variables to reflect each of the three different starting health states. We find that they are statistically significant (at the 1 percent level) in both cases, and that though the pseudo-Rsquared values increase by almost 50 percent, the estimates of the other coefficients reported in Table 7 are little affected.
There is a degree of arbitrariness in our choice of 50 and older as the age range of interest. To assess whether this cut-off affects our results we added to our sample all survey respondents aged 40 to 49 and in good health in 1996, and modified the specification of the model to include two more age group dummy variables. In all four models reported in Table 7 , the coefficients for the age groups 40-44 and 45-49 were not significantly different from the ones for age group 50-54 and the income and education effects were essentially unchanged.
A second sensitivity analysis involving age allowed the income effects for those age 65
and older to differ from those under age 65. It was implemented by adding a dummy variable for those aged 65 and older and interacting it with the income quartile variables. With that specification the income effects appear to be moderated for the older group, suggesting that as one gets older income appears to play a smaller role in determining changes in health status.
However, the estimates are generally not statistically significant. (The exception is males in the SLID sample.) Larger sample sizes of the older population would be needed to get more precise estimates.
We argued in section 4 that a measure of 'lifetime' rather than 'current' income is more appropriate when assessing the effect of income on transitions in health status. However we can report that while estimates based on the 'current' measure differ, the differences are generally
small.
Finally, we tested whether proxy reporting of health status affects the results. For this purpose we used only SLID (since proxy reporting is rare in our NPHS sample). The four equations were re-estimated to include a dummy variable to indicate whether the health status 18 response was reported by proxy. In no case was the estimated coefficient on the proxy dummy statistically significant.
CONCLUSION
The purpose of this paper has been to report and compare estimates of the socioeconomic determinants of health among older Canadians based on two longitudinal surveys, the Survey of Labour and Income Dynamics (SLID) and the National Population Health Survey (NPHS). The surveys have allowed us to work with similar definitions of self-reported health and both provide information about household income and respondent education, the two socioeconomic variables on which we focus. Each survey has its advantages but the much larger sample size and more reliable measure of household income associated with SLID are of particular benefit. (NPHS provides, in considerable detail, information about specific matters relating to the health characteristics of individuals but that information was not useful for our purposes in this paper.)
Our approach with both surveys has been to restrict the analysis to those who were reported in good health as of the interview date in 1996. While their health may change in later years their socioeconomic status (as we define it) does not: it is determined as of 1996, based on educational attainment and estimated LICO-adjusted, age-standardized income. Our question is whether the probability that an individual will remain in good health over the two or four years after 1996 is explained, in part, by his/her predetermined socioeconomic status.
The evidence from both surveys suggests that SES does play a role, and that the differences across SES groups are quantitatively significant. While the estimated probabilities of remaining in good health decline with age for both men and women, as one would expect, our findings indicate that the probabilities are notably higher for those with high SES than those with low SES (other things equal), that the gap approximately doubles between age groups 50-54 and 80-84, and that the results are similar for men and women. That two large, independently conducted household surveys should yield generally similar results provides strong additional support for the view that socioeconomic status matters and thereby contributes to a firmer understanding of the income-to-health connection.
The SES health gradient is observed in all industrial economies, but why it should persist even in countries that have long had public health plans with universal coverage remains a matter of dispute (Evans, 2002 , Deaton, 2003 . In the Canadian case we note that the public system covers only "essential services"; as of the late 1990s that meant that about 30 percent of total health expenditure was paid directly by consumers (Canadian Institute for Health   Information, 2001 ). Perhaps those with low incomes are more likely to avoid visiting a medical practitioner if they feel they could not afford the cost of a prescription, or if the transportation or loss-of-work costs of such a visit are deemed too high Fast, 1998a, 1998b) .
They might also have poorer nutritional practices, in part because they spend less on food, or on food with good nutritional characteristics. There is also some evidence that those with better education are more likely to follow medical advice (that is, to have better 'treatment adherence'), and hence to benefit more from the advice received (Goldman and Smith, 2002) . Finally, Dunlop et al. (2000) find that patients' utilization of specialist visits are greater for those in higher socioeconomic groups, and that may be an additional contributing factor.
1. Yet another possibility is that both low SES and poor health can be attributed to a common cause -low intelligence or a bad environment, for example.
2. The results reported below are not sensitive to variations in this age cut-off for defining the older population.
3.
We note though that Currie and Stabile (2003) found some evidence of SES effects on the health of children.
4. Some additional recent contributions include Adams, Hurd, McFadden, Merrill and Ribeiro (2003) , Spencer (2004a, 2004b) , Meer, Miller and Rosen (2003), and Van Ourti (2003) .
5. Currie and Stabile (2003) used The National Longitudinal Survey of Children and Youth to examine child health outcomes and their links to SES. They found some links between SES and health and found also that these grew stronger as young children aged. Of related interest, Wolfson (1993) used administrative records from the Canada Pension Plan in a longitudinal analysis of male mortality after age 65. Of related interest, Wolfson et al. (1993) used administrative records from the Canada Pension Plan in a longitudinal analysis of male mortality after age 65. The records contain no direct information about health. However, among their findings are positive associations between post-65 survival duration, on the one hand, and on the other, increasing trends in pre-retirement earnings and retirement age (either of which might indicate reasonably good health status before age 65). Finally, we note that some researchers have studied the effects of income on other variables that could be regarded as using health-related, using longitudinal data (for example, Dooley and Stewart, 2004 , have studied the effect of family income on cognition in children).
6. For further information about the surveys, see http://socserv.mcmaster.ca/rdc/survfile.htm.
7. We follow the Statistics Canada convention in referring to SLID. It was not until January 1997 that respondents in what we refer to as the '1996' survey were asked questions relating to their health, age, and education. Questions relating to income were asked in May 1997 but (in order to be consistent with tax reporting) pertained to the calendar year 1996. We follow a similar convention when referring to the survey years of the NPHS.
8. As noted, income was collected as a categorical variable in NPHS. We therefore assigned to each respondent a specific household income equal to the respondent's category midpoint. For the open-ended category we used the mean of the corresponding income range in the SLID sample extract. The assignments play only a minor role in our analysis after the LICO-adjusted incomes are sorted into quartile groups.
ENDNOTES
9. The category 'institutionalized' includes persons in jail as well as in long-term care facilities. The second category obviously dominates for the age group of concern here. 10. In some cases the numbers institutionalized were too small to allow them to be reported separately by Statistics Canada. In those cases most persons classified as I/D would have died.
11. The good health restriction reduced the size of the 50-and-older sample by about 20 percent. We note that the male-female ratio in the unweighted NPHS sample, thus restricted, is only 0.74, as compared to 0.85 in the unweighted SLID sample. However, after taking account of the survey weights the ratios are similar -0.89 in NPHS, 0.87 in SLID.
12. Below we discuss estimates based on alternative definitions of good health.
13. Put differently, the restriction solves the endogeneity problem of the possible reverse causal link from health to income. Other researchers (see, for example, McDonald and Kennedy, 2004) use instrumental variables to control for the possible endogeneity.
14. An alternative way of thinking of this is that for each respondent, education, marital status, and all other variables except age (measured as of 1996), are 'plugged into' the income equation, while age is set at 50-54. The residual terms are then added to capture observation-specific characteristics, on the assumption that differences from predicted values of income in 1996 (given the respondent's age at that time) were likely to be similar (proportionally) to differences when the individual was in the age group 50-54.
15. For more details on the income standardization procedure, see .
16. The error variance-covariance matrix has been calculated using 1000 bootstrap weights for SLID and 500 bootstrap weights for NPHS supplied by Statistics Canada. For a discussion of this approach, see Yeo et al., (1999 Yeo et al., ( , 2001 . We use an implementation developed for STATA by Piérard et al., (2004) .
17. The tests (not shown here) are joint tests of the null hypothesis that the lowest and highest income quartiles have equal coefficients and that the lowest and highest education groups also have equal coefficients.
18. For more on the issue of how health questions are asked, see Baron-Epel and Kaplan (2001) , Kaplan and Baron-Epel (2003) , and Manderbacka et al., (2003) .
19. The test here involves pooling male and female observations, allowing differing coefficients, and then testing for equivalence.
20. For SLID, in the upper panel any respondent who reported poor health in either 1997 or 1998 is deemed to have made a transition to poor health; the 1997 response is ignored in the lower panel. For NPHS, in the upper panel any respondent who reported poor health in either 1998 or 2000 is deemed to have made a transition to poor health; in the lower panel 22 only those who reported poor health in 1998 are deemed to have made that transition.
21. As it turned out, the number of observations increased by about one and one-half percent in SLID but there was virtually no change in the number in NPHS.
22. Using the body mass index (BMI) we generated dummy variables for obese (BMI of 30 or greater, based on the World Health Organization definition), not obese, and BMI unknown. For smoking we created dummy variables for non-smoker, occasional smoker and daily smoker. For chronic conditions, we created a dummy variable for having any chronic condition.
23. Reminder: Our sample consists only of people who reported themselves in good health initially. Thus someone who reported having a chronic condition would have reported being in good health in spite of that condition. Note: ∆P values are differential probabilities (differences from reference category probabilities). The p-value for an individual variable corresponds to a two-tailed test of the null hypothesis that the variable's coefficient is zero and is calculated using bootstrap weights provided by Statistics Canada. See Yeo et al. (1999) for details of the procedure. SLID 1996 & 1998 NPHS 1996 , 1998 SLID 1996 & 1998 NPHS 1996 & 1998 (White, 1980) . Variables are defined in the text. SLID 1996 & 1998 SLID 1996 & 1998 Table A1. 37 NPHS 1996 , 1998 NPHS 1996 & 1998 
